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Global Image Matching Based on Constraint
Satisfaction Neural Network

Zhang Li Shen Weiming Zhang Zuxun Zhang Jianging
(National Laboratory for Information Engineering in Surveying, Mapping and Remote Sensing,
W TUSM, 129 Luoyu Road, Wuhan, China, 430079)

Abstract The key technique to automatically extract the digital terrain model ( DEM) from
image pairs or stereo pairs is the image matching process. In this paper, the authors de-
scribes an approach to using constraint satisfaction neural network to solve the global image
matching. The authors firstly give a simple description of the image matching and the con—
straint satisfaction problem. Then the authors outline an analogy method between image
matching process and constraint satisfaction problems and a technique to construct the con—
straint satisfaction neural network in order to solve the global image matching. The author s
utlimate goal is to get the accuracy and robust matching results, given a complicated
terrain s aerial photo stereo pairs. So the authors improve the traditional algorithm by use of
the new relaxation algorithm presented by Levy [1998]. This algorithm can cope with the
so—called “ zero-matching’ and “ multi-matching” problem, locate the regions of “ zero—match—
ing” , and bridge the non-texture areas. At last, the authors also give some experimental re—
sults to show the algorithm’ s efficiency, accuracy and robust.

Key words global image matching; satisfaction neural network; constraint satisfaction

problem
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The Multi-plans Synthetic Evaluating in Highway Routes
Selection Based on GIS

Kong Jinling
(Department of Surveying Engineering, Xi an Engineering University, Xi an, China, 710054)

Abstract The method of multiplans synthetic evaluating of highway routes selection based
on GISis putforward- Theinformation of evaluating index of highway routes selection plans
is extracted with GIS techniques and analysis hierarchy process is used to realize the multi-
factors synthetic analysis and comparing plans . The example shows that the method is use-

ful.

Key words GIS highway routes selections spatial analysis; analysis hierarchy process;

plans com parison



