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Fig.1 Source Image and Result Image of

Damaged Buildings
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Extracting Damaged Buildings Information Automatically Based
on Textural and Morphological Features
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(2 Institute of Remote Sensing Applications, CAS, A20 Datun Road, Beijing 100101, China)
(3 School of Graduate, Chinese Academy of Sciences, A19 Yuquan Road, Beijing 100049, China)

(1

Abstract: Extracting damaged buildings accurately and quickly through remote sensing has
an important meaning to damage evaluation and relief after earthquake. A method, which
based only on high spatial resolution optical remotely sensed image acquired after earthquake
and fused textural features and morphological features, was proposed to extract damaged
buildings automatically. Besides, the use and behaving of different scales textural features
and morphological features in damaged buildings extraction were investigated. A study case,
Wenchuan Earthquake, was studied. Experiment results showed that this method could ex-
tract damaged buildings effectively and reach a good result that the product accuracy and the
user accuracy of damaged buildings, and Kappa coefficient were 86. 65% , 86. 35% and 0. 790
6 respectively.

Key words: high spatial resolution; textural feature; morphological feature; feature selection
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