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Abstract: The good methods and technologies of spatial data mining and knowledge discovery
(SDMKD) may get excellent knowledge. This paper presents an overview on SDM KD. First, the
concept of SDMKD 1is discussed. Then, this paper describes the theories and technologies on
SDM KD, such as probability theory, evidence theory, spatial statistics, rules induction, clustering
analy sis, spatial analysis, fuzzy sets, rough sets cloud theory, neural network, genetic algorithms,
visualization, decision tree, spatial online analy tical mining. Finally, how to study SDMKD is fore-

casted.
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