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Fig. 1 View Comparison Between Blur Self weight Images with Different Restoration Algorithms
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Fg.2 View Comparison Between Blur Number Images with Different Restoration Algor thms
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Tab.1 Comparson Between Image Quality by Different Restoration Algonithms
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Fig. 3  View Comparison Between Image by Kalman Restoration with Different Blur Lengths
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Blur Image Restoration Based on Kalman Motion Model

. L2 . 2
HU Qingwu LI Qingguan
(1 School of Remote Sensing and Information Engineering, Wuhan University, 129 Luoyu Roads Wuhan 430079, China)

(2 Research and Development Center of Spatial Information and Digital Engineering, Wuhan University,
129 Luoyu Road, Wuhan 430079, China)

Abstract. This paper presents a method for image quality descending analysis to the motion blur images
using the Kalman motion model. The image westoration algorithm based on the Kalman motion model is
designed for the motion blur images restoration processing. The detail restoration steps based on the
Kalman model are designed, and the corresponding quality assessment methods are selected to evaluate
the restoration quality. The restoration results of the blur freight car images in the freight car weighting
system show that the blur images get high quality and the restoration algorithm is effective.
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