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Fig.1 Flowchart of ATPCK-based Multiple-Point Geostatistical Simulation Algorithm
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Fig. 2 Near-infrared Spectral Band and Fusion Results
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Area-to-point Cokriging and Multiple-point Geostatistical Simulation for
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Abstract: A method for remotely sensed image fusion was developed based on the theory of multiple-
point geostatistics (MPG). The aim was to increase the spatial resolution of the fused image using
MPG-based simulation. A spatial correlation model in the form of a training image is incorporated in
simulation, and then a pattern-based decision rule is applied to facilitate reproduction of similar local
patterns in simulated images. Area-to-point cokriging (ATPCK) was used as a simulation constraint
to solve the change-of-support problem. The method was tested on Landsat ETM+ images. Results
suggest that ATPCK-MPG can achieve a more accurate result than simulations that do not account for
different data supports. This method can be applied for conflation of other types of spatial data as
well.
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