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Fig. 1 Experimental Images
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Tab. 1 Criteria of Subjective Assessment
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Tab. 2 Results of Five Image Quality Assessment Methods
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Tab. 3 Comparison of the Performance with
Different Methods
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Fig. 2 Scatter Plots of Five Image Quality Assessment Methods After Nonlinear Regression
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Image Quality Assessment of IKONOS Images Based
on Contourlet-SIIM Model

YAN Li' HU Xiaobin'*
1 School of Geodesy and Geomatics, Wuhan University, Wuhan 430079, China

Abstract: To assess the remote sensing image quality, a novel human vision system model is proposed
based on the SSIM of Contourlet transform. Firstly, a subjective image quality assessment database is
established with 200 Gaussian-noise images, 200 Salt&. Pepper noise images, and 500 compression
distortion images, processed in matlab7 and then evaluated by 25 remote sensing experts. Secondly,
IKONOS images after Contourlet transform are assessed by C-SSIM model. Lastly, experiments show
that the C-SSIM model performs better than others, in contrast to MSE, PSNR, SSIM image quality
assessment results, is the contourlet-SIIM Model result are consistent with the subjective database.
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band remote sensing image change detection method using a Markov Random Field, fusing all band
change information. In the process of solving the MRF model parameters, the MoLLC (method of Log-
Cumulants) and EM (expectation-maximization) hybrid model is introduced for iterative calculation.
Experimental results show that the detection accuracy of the proposed method is superior to the cur-
rent change detection methods, and is stable.

Key words: remote sensing image; change detection; MRF model;energy function;information fusion;

iterative calculation
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