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Fig. 1 Discriminant Space Modeling
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Tab.1 Relative Error of Area Proportion of Land Cover Types for Various Scales by MLC/m

30 50 150 250 30 50 150 250 30 50 150 250
1- 0.002 0.002 0.004 0.002 0.002 0.032 0.103 0.127 0.016 0.023 0.030  0.077
2- 0.002  0.000 0.012 0.001 0.038  0.081 0.248 0.369 0.000 0.024 0.001 0.108
3- 0.000  0.005 0.005  0.005 0.022 0.043 0.177 0.285 0.009  0.005 0.113  0.142
4- 0.001 0. 005 0.007  0.010  0.001 0.003 0.014 0.006 0.059 0.083 0.016  0.052
0. 0

5- 0.001  0.001 009  0.006 0.027 0.030 0.044 .051  0.026 0.022 0.056 0.039
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2 SVM /m
Tab. 2 Relative Error of Area Proportion of Land Cover Types for Various Scales by SVM/m
30 50 150 250 30 50 150 250 30 50 150 250
1- 0.088 0. 090 0.096 0.105 0.078 0.081 0.101 0.106 0.063 0.018 0.003 0.373
2- 0.125 0.121 0.118 0.126 0.153 0.180 0.285 0.366 0.201 0.287 0.209 0.386
3- 0.025 0.014 0.017 0.003 0.047 0.074 0. 180 0. 269 0. 069 0.163 0.223 0.225
4- 0. 006 0.011 0.003 0. 006 0. 006 0. 006 0.002 0.010 0. 091 0.152 0. 005 0.123
5- 0.027 0.026 0.025 0.034 0. 055 0. 060 0. 080 0. 085 0.036 0. 057 0.070 0.047
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An Integrated Model to Represent Topological Relation and
Directional Relation Between Directed Line Objects

WU Jing' DENG Min'* LIU Huimin'
(1 Department of Geo-Informatics, Central South University, 932 Lushan South Road, Changsha 410083, China)
(2 Research Center of Foundation Geographic Information Engineering, Hunan Province,

693 Shaoshan Middle Road, Changsha 410083, China)

Abstract: Due to the increasing application demands, the issues on spatio-temporal character-
istic of moving objects have attracted a wide range of attention in the fields of computer sci-
ence and geographic information science. The spatial relations between two directed line ob-
jects, as one of the main topics about the trajectory of moving objects, contributes much to
research on spatio-temporal data model. According to the characteristics of directed line ob-
jects in euclidean space, an integrated model of spatial relations between directed line ob-
jects, named DLR, is proposed, which divides the directed line object into head, body and
tail. The model can not only describe the directional relations between directed line objects,
but also distinguish the topological relations between them, such as disjoint, cross, touch
and overlap. That is to say. the model proposed in this paper is able to enhance the identifi-
cation capability of spatial relations between directed line objects. An example of typhoon e-
vasion of ocean vessel is given to demonstrate the application of DLR.
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Discriminant Space Method for Scaling Land Cover Information

YOU Jiong' ZHANG Jingxiong®
(1 Chinese Academy of Agricultural Engineering,41 Maizidian Street, Beijing 100125, China)
(2 School of Remote Sensing and Information Engineering, Wuhan University,129 Luoyu Road, Wuhan 430079, China)

Abstract: This paper explores a scaling method for land cover information based on discrimi-
nant space models. To obtain land cover classification according to discriminant space models
at different scales, the scaling of discriminant vectors were realized, and then discriminant
space models composed of these transformed discriminant vectors were found. Two classifi-
cation methods including the maximum likelihood classifier and SVM method were used. The
results achieved with the proposed method were compared with those of conventional scaling
methods on the basis of majority theory and the rule of centric cell, thus validating the effective-
ness and the availability of the proposed method. Experimental results show that the proposed
method had better results and a smaller information loss than the conventional scaling methods.
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