38 10 . Vol. 38 No. 10

2013 10 Geomatics and Information Science of Wuhan University Oct. 2013
:1671-8860(2013)10-1152-06 :A
1.2 3 1,2 1,2
(1 s 1 ,710054)
(2 . 1 ,710054)
(3 s 66 ,450052)

AR FHPBEAEA L DR ARV G BALE R — A TRERGRKAGH IS RER, A4
AHRERIHETOEM ERMALT AR FFRAEGARIN AL RALETERI LGB RYREMR.R
BTG S R E R RRE, ASHARARZABOAREL, AE R A ERA T HMX AR, R,
AETATAMBEEZTORBAMEFERD SR TATRAELFORA LRI, R, FBRBIET A
T AT B AR AR,

CE ) B B ARG LR R R ARG S

:P237.3
1-3 . 1
[4] . .
v(s)=[a(s),y(s)],s€[0,1],s
1
. [5] o =J [al) | o(s) |24 B(s) | v(s) | —
GIS . (6] !
y(s) | V(G)(x,y)*I(x,y)) [*]ds (1)
R [7] Snake ’
:® s ° ’
, V .G, %1 I
. , o Gaussian I
L@ (). pG)  y(o o
, , , (D) ,
i , _ (@) o
. @ n vi:(f;'vy,')a (1)
. o [vi—v 1 [[7c Wl vi—v [)°
. ’g ’
’ ° o 18(1) H Ui
‘0}1727)1'_’_7}[*1 Hzo y(i>Eimg
:2013-05-30,

(41201469,41071297,41271447)



38 10 1153
(1) Eipy (D i
. (D ,  Std,<<Std,; ,
Eoa = la(D)d— || vi—wviy |+
I ; ] s Avg,<Avg, v;
B || vin — 2v + vy || P — ¥(DEin (D] (2) .
i)
2 n, [091’"'7255]
q Nyo
2.1 - 2 n, ’
ook a4 o 3
2.1.1 B3] H Hae ey kit - o Tl s st s e s ",
1 ’ [ : n, o1, T
, Avg, \Avg, ~10Cn, 1 —n_,) .
Stdu \Stdb ’() ’d\b (
NN a.b ’ 1o ;.
O o
t ‘,
,“%i:f*if d n, N TN TIRLIRY T ,
LI =R ‘
M1 9Ny 9 %0 9 M55 °
$ 3) Avg,
y/ ERASVE 3 . R Std, . , Avg, = Eqn[,/Enq , Std, =
\ \ e%,| BRI e
e o /Db t . 7
o’ 2 n,(Avg, — q)“/znq .
¢=0 g=0
1 4) v; R v, 3X3
Fig. 1 Image Gravitation Potential Energy 5X5 avg, avg<<
Avg,+2,Std, , 3 avg>Avg, +
- i A,Std, , ; Avg, +2,Std, <avg<
Eoul (l) s Enul (l) U; O r; Avgu—.—,\z Stdo , )
° 30‘ ’
’ ; A L 4
E..(D
Eom = S ] i2 3 ’
(i) = sgn()/r (3) 22
»sgn(7) ) v; s
sng(i) =1, T , U; ’
’ 1 as U; ’
, 1 bs ,sgn(i) = '
o 2 ’ Ui
0, 1 fo s
k;=sgn(i) Aa;/As; ,» Aa; Vi1 U;
a.b, Ta Ty
\ 3%X3  5X5 VUit s Asi = 01U U .
sgn(i) , v sgn() =1,
( 1 (“d), . Sgl’l(i)zflo
R Ui Esim(i) :
2.1.2 A TRBLEHTAIF-F L8R Ein() = (ke (i) —kG)D? (4)
E0\11(i) U; 9k()(i) Vi
> ° ’ sk (1) U, °

(2)~),



1154

2013 10

Fig. 2 Discrete Curvature
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Fig. 3 Greedy Optimization and Local
Neighborhood Search
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Fig. 7 Extraction Results of Traditional Model and
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A Method for Extracting Area Water Body from Remote Sensing
Images Using Active Contour Model and Vector Data

AN Xiaoya'? SUN Qun* YANG Yun'® GONG Hui'"’

(1 State Key Laboratory of Geo-Information Engineering, 1 Middle Yanta Road, Xi’an 710054, China)
(2 Xi’an Research Institute of Surveying and Mapping, 1 Middle Yanta Road, Xi’an 710054, China)

(3 Institute of Geography Spatial Information, Information Engineering University, 66 Middle Longhai Road, Zhengzhou 450052, China)

Abstract: Using vector data as the initial location of the model, the paper presents a new ac-
tive contour model which is used to extracting area water body from remote sensing images.
In order to improve constringency speed and noise immunity, the image gravitation potential
energy based on object-background gray value is added to the new model besides the tradi-
tional energy. In order to avoid the noise on the curve point of attraction and disturbance,
the shape restriction potential energy based on discrete curvature is also utilized in the new
model. The correlative parameters are obtained adaptively by taking full use of prior infor-
mation of vector data. The paper also establishes the precision evaluating model based on
similarity measurement, and introduces the process of solving based on greedy algorithm.
The experiment demonstrates the superiority of the method.

Key words: spatial data updating; contour extraction; active contour model; shape restric-

tion; prior information
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A Research and Analysis of Gene Disturb Optimization Method
Which Produce Tuned Template

ZHENG Zhaobao' ZHENG Hong*

(1 School of Remote Sensing and Information Engineering, Wuhan University, 129 Luoyu Road, Wuhan 430079, China)
(2 School of Electronic Information, Wuhan University, Luojia Hill, Wuhan 430072, China)

Abstract: This paper presents a new method that is based on genetic optimization which produce
tuned template, called genedisturb optimization method (referred GDO method). Firstly, identified
the “excellent template” according to a few templates of better fitness value which is obtained in the
initial templates group. Then disturbing excellent template for each gene respectively, according to
the value of fitness before and after the disturbance increases (or decreases) to determine two" ex-
cellent gened' about each excellent template. Finally, disturb the numerical value of the excellent
genes to get a new set of templates, then go into the next generation of calculation, constantly opti-
mize the best tuned template. The theory analysis and the real image classification experiment
proved that GDO method is a very potential optimization method.

Key words: gene disturb optimization; tuned template; image texture classification
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