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Fig. 1 Results of Different Filter Arithmetics
1 (RMS)  /m
Tab.1 RMS Error Comparison of Adaptive Filter Arithmetics/ m
Kal man M-M Sag e
RMS (X) 1.242 0. 729 0.713 0. 694 0. 682 0. 687 0. 629
RMS (Y) 1.507 0. 727 0. 689 0.639 0.578 0.528 0.571
RMS (Z2) 1.574 1. 45 1. 044 0. 960 1.073 0.922 0. 886
RMS (P) 2.508 1. 467 1. 440 1. 346 1.397 1.265 1.227
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Comparison of Adaptive Filter Arithmetics in Controlling
Influence of Colored Noises

. . 1 .2 . 2
CUl Xiangiang YANG Yuanxi~ GAO Weiguang
(1 X{ an Research Institute of Surveying and Mapping, 1 Middle Yanta Road, X{ an 710054, China)
(2 Institute of Surveying and M apping, Information Engineering University, 66 Middle Long hai Road, Zhengzhou 450052, China)

Abstract: The state vector augmenting filter, influence function correcting filter and fune-
tional model fitting filter are all discussed as the frame of functional model compensation fil
ter. And the covariance matrix adaptive estimate filter, robust M-M filter and adaptively ro-
bust filter are discussed in the content of stochastic model compensating filter. Based on the
theories and models of filters, the advantages and disadvantages of each filter are analyzed,
and an example is given.
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Quantitative Retrieval of Suspended Solid Concentration in
Lake Taihu Based on BP Neural Net
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(1 Nanjing Institute of Geography and Limnology, CAS, 73 East Beijing Road, Nanjing 210008, China)
(2 Graduate School of Chinese Academy of Sciences, 19A Yuquan Road, Beijing 100049, China)
(3 Department of City and Resource Science, Nanjing U niversity, 22 Hankou Road, Nanjing 210093, China)

Abstract: A two-layer BP neural net model is constructed with four input nodes of TM1, 2, 3,
4 band reflectances, and one output node of suspended solid concentration(SSC) to retrieve
SSC of Lake Taihu. The results demonstrated that BP neural net is very fit to quantitatively
retrieve water quality of case Il water with complex optic characteristic, and has much higher
accuracy than the common linear model. A test was made and the results suggest that 13 had
relative error (RE) RE of less than 30%, accounting for 81.25% of the total samples.

Key words: BP neural net; suspended solid concentration; Lake T aihu; quantitative retrieval
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