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Tab.2 Results of Different Classification M ethods

1 200 000~ 230 000 2 1 200 000~ 250 000 2
2 250 000~ 290 000 2 2 250 000~ 330 000 5
3 290 000~ 330 000 3 3 330 000~ 430 000 8
4 3330 000~ 430 000 8 4 430 000~ 530 000 6
5 430 000~ 540 000 7 5 530 000~ 720 000 6
6 540 000~ 700 000 5 6 720 000~ 890 000 1
7 700000~ 1 020 000 4 7 890000~ 1 020 000 3
1 200 000~ 250 000 2 1 200 000~ 270 000 3
2 250 000~ 330 000 5 2 270 000~ 330 000 4
3 330 000~ 430 000 8 3 330 000~ 380 000 7
4 430 000~ 490 000 2 4 380 000~ 430 000 1
5 490 000~ 720 000 10 5 490 000~ 520 000 6
6 720 000~ 890 000 1 6 520 000~ 720 000 6
7 890000~ 1 020 000 3 7 720000~ 1 020 000 4
1 200 000~ 240 000 2 1 200 000~ 250 000 2
2 240 000~ 290 000 2 2 250 000~ 330 000 5
3 290 000~ 340 000 3 3 330 000~ 420 000 8
4 340 000~ 420 000 8 4 420 000~ 540 000 7
5 420 000~ 540 000 7 5 540 000~ 670 000 5
6 540 000~ 720 000 5 6 670 000~ 830 000 1
7 720000~ 1 020 000 4 7 830000~ 1 020000 3
1 200 000~ 270 000 3 1 200 000~ 250 000 2
2 270 000~ 340 000 4 2 250 000~ 330 000 5
3 340 000~ 430 000 8 3 330 000~ 430 000 8
4 430 000~ 540 000 7 4 430 000~ 550 000 8
5 540 000~ 670 000 5 5 550 000~ 690 000 4
6 670 000~ 830 000 1 6 690 000~ 850 000 1
7 830000~ 1 020 000 3 7 850000~ 1 020000 3
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Tab. 3 Classification Evaluation Index
[0,1] [0, 1] [0, 1] [0, 1] [0, 1] [0, 1] [0, 1] [0, 1] [0, 1]
0.2212 0.106 0 0.3730 0.1133 0.126 5 0.1041 0.1194 0.1158 0.0373
0.2212 0.1659 0.3478 0.1334 0.1442 0.1008 0.116 7 0.1237 0.0388
0.3456 0.2028 0.3678 0.1316 0.1229 0.1294 0.1294 0.1283 0.0427
0.2212 0.1567 0.3678 0.1125 0.1259 0.1050 0.1200 0.1159 0.0464
0.2028 0.1567 0.3714 0.1103 0.1239 0.1047 0.1191 0.1145 0.0422
0.2212 0.1705 0.3608 0.1129 0.126 7 0.1050 0.1199 0.1161 0.0421
0.3456 0.2028 0.3992 0.1316 0.1229 0.1294 0.1294 0.1283 0.0407
0.2304 0.0876 0.4115 0.1359 0.1326 0.1297 0.1308 0.1323 0.0391
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the following edge( connected line) turned relative to the current are founded. By deriving
the direction relationship between the neighbouring edges ( connected lines) based on these
principles, the polygon’ s orientation, polygonal convexity concavity can be identified, so
does to point ir-polygon query. New algorithms are presented, the analysis shows that im—
proved performance is achieved, and there is the unification of the geometry idea in solving
those four issues.

Key words: polygon; orientation identification; convexity-concavity identification; pointin

polygon query; Qi operator
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Quality Evaluation of Statistical Data Classification
Considering Spatial Autocorrelation

GUO Qingsheng"® LI Liusuo® JIA Yuming® SUN Yan"’
(1 Key Laboratory of Geographic Information System, Ministry of Education, Wuhan U niversity,
129 Luoyu Road, Wuhan 430079, China)
(2 School of Resource and Environment Science, Wuhan University, 129 Luoyu Road, Wuhan 430079, China)

Abstract: Statistical map is the kind of important forms of thematic map, and data classifica
tion is the kernel. In this paper, the quantificational indexes of classification evaluation are
discussed, when changing the number of classes, the spatial data autocorrelation degree is
changed, this law is researched. Based on this law, the number of classes can be determined,
and this new method is given in this paper. The result of data classification should be further
evaluated by means of spatial distribution characteristic of data, and an example is given to
test 1t.
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