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Fig. 6 Experimental Results of Our Motion
Detection Model and the RW Algorithm
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A Novel Statistical Model for Motion Detection and Contour Tracing

LU Changkui ' JIANG Chengyu' WANG Ningsheng

(1 CIMS Research Center, Nanjing University of Aeronautics and Astronautics, 29 Yudao Street, Nanjing 210016, China)

Abstract. In the first section, according to the assumption that only the silhouette could be extrac-
ted to describe the motion of a moving object, a three-frame differencing model is constructed based
on the variance ratio of successive blocks of different frames, simultaneously the Gaussian kernel
based density estimation model in [ 1] is used as a filter to suppress false positives, and the SVC al-
gorithm in [10] is also employed to realize real-time multi-object motion detection. A novel contour
tracing algorithm, namely the RW (roller wheel) method, is proposed in the next section. Edge in-
formation detected by the forgoing model can be fully used by this algorithm, while the interior de-
tails will be skipped. This algorithm works in a similar way that human vision system works. Ex-
perimental results are given in the end.

Key words: motion detection; contour tracing; temporal differencing; color moments; roller

wheel algorithm
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