32k A AW
2007 4F 4 A

VRPN S O I S

Geomatics and Information Science of Wuhan University

Vol. 32 No. 4
Apr. 2007

XEHE.1671-8860(2007)04-0287-03

SERAR S A

F&T Tree Augmented Naive Bayes
Classifier 15512 S0 53

=R

ok 2o

FEFA EHALSS

(1 sRPUR 2B A5 B TR 2= B, i DU T B M % 129 5-,430079)
(2 RDUR I 2238 5 B LR R st 80 =, s DU S AT I 129 5.430079)

W OERET AT E AFENTETHORAT T EZAEEALRRCH @) XA 5 kAR A A
7% A et AT o £ B (tree augmented naive Bayes classifier, TAN), 282 % & 8 , TAN bt 5 3£ 0 vt 27
% % (naive Bayes classifier, NBC) 7T VA £ 13 & & 89 5 £ 45 A .

KB N AT MK o R HR
hEE S FES . TP753; P237.4

1988 4, Pearl 55 A W4 1 DL i 27 9 2% 11y
WA AR Ry — Bl R B M IR e Ak S HE R T
He, DL 37 0 28 15 B2 712 W e I G 10 60 2 74 ) 3K
SHMA R Z RN Y, SR AE Sy F A
B2 A7 B D1 1 ) 2% (naive Bayes network)™! [
e A SRS TAERF M SCTE . 7E R 5 0l
Hr g i h  BOR RBO X W R T T A Z
V) AF PR A ST {H 3K 7 B S B b A AR 9 E o
. ST I AR SR — 0 R L BB A ot
T B A VAT R 1Y L Z A A OC R &R
FEAEA 1030 A% 8B TH3 TAE & R i ik s
T R A DUA AR R A ) 32, T 4 X L
T R Z ALY O AR R Ry — B R B O B B B
o T ] BR DL v Sy 99 2%, B A g 2 I o AR AR
oy o 5 5 R 7] AR DL I 7 3 2R (TAND

1 EF TAN o EiE

1.1 #1858 B {85 8 D37 4 2238 (TAN)
55 B 00 3 4 25 2% (NBO) A Jal, TAN
VRN S NI A 7 W AR Z M AE A K R
X AR Sk 22 ] Y A B G R R ) 1 4 34 Tk
NBC 5z i 30 52 HH 500 FLSLE 0 .
Bl 12 TAN fE 40 26 v i i — A~ B 1A
L CONRGI (R 8 X, W — 1

Y1 %5 B 89 :2007-01-20,

BB SRR : B K A RB2 & B) I H (40271094,40571102)

A3 BT R R A S BRRRAE . HR 4R D0 g ) 20
WEXH P.(COO=0,P,(X,)=C,P,(X,)={C,
X0, Xo ), B S (G MBS HERR

P(X,.X,..X,) = [[ P(X./P,(X))) (1)
i=1

i=

SEBR b AR 2% H R D5 TR R . TAN 2
X NBC R R g — Fift ) o BIVSE 57— 4> NBC
T BR 5 AR 0 Al b P2 PR S 9 5T B A AR
T RZ R AR B R B L 1A — b R
NG BT LA TAN [ NBC 2T —A4 M 4546
Fhaf R 22~ (O 50 B Br. AR i 228 € TAN
(14 P00 4% 411 2 A o o 20 AR 4 5% ol o DU il ok 91
FEAR AT 15
1.2 GUBHERIIRE

LA G SR — B E
TN AEA SO S L R T 7R SO A

O~ ()——)——®)

B 1 TAN fE4r 2 H iy e A
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Fig. 2 Topology Structure of TAN
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Fig. 3 Curve of Total Classification Accuracy
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Tab.1 Comparison of Three Methods

N 10 15 20 25 35 40 45 50 b 22
TAN 86. 88 88. 39 87.53 87.74 88.17 88. 39 87.74 87.96 87.74  0.004 0
NBC 58.28 64.52 75.05 66. 45 66. 45 66. 24 67.50 67.10 67.10 0.029 5
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ETL of Spatial Data Warehouse

TIAN Yangge' BIAN Fuling'
(1 Research Center of Spatial Information and Digital Engineering, International Software Institute,

Wuhan University,129 Luoyu Road, Wuhan 430079, China )

Abstract; The data warehouse and ETL are introduced, the basic frame of the ETL of the
spatial data warehouse is discussed, the ETL of Guangzhou agricultural economy data ware-
house is presented as an example.
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Texture Classification Based on Tree Augmented Naive Bayes Classifier
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Abstract: On the basis of the study of naive Bayes classifiers (NBC), a new method— tree
augmented naive Bayes classifier is proposed and applied to texture classification. The exper-
iment results demonstrate that the new method performs better in overall classification preci-

sion than NBC.
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