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Fig. 1 Shape Description for Linear Spatial Data
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Tab.1 Results of Road Shape Similarity and the Change Detection
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Tab. 2 Results of Spatial Data Change Detection Under Different Change Thresholds
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The Road Data Change Detection Based on Linear Shape Similarity
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Abstract: Similarity is a psychological cognition, this paper defines the different distance and

puts forward the similarity measuring model for linear spatial data(SMM-L)based on the in-

tegration of the distance view and the feature set view which are the views for similarity cog-

nition. After the study of the relationship between the spatial data change and the similarity,

a spatial data change detection algorithm for linear spatial data is developed, and a test for

road data change detection is realized.
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