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Tab. 1

Pole and Power Fault Monitoring Data Samples of a Frequent Thunder District
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Tab. 2 Pole and Power Fault Monitoring Data of a Frequent Thunder District
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Tab. 3 Generation Spatial Datasets

RBP4 2 MR AN SRR R R P

i LN g BAK ik

Ty PRGN ERRARK GHR I SRR R R

%

ik ) L g i




1488 BRI - B R

2009 4F 12 H

x4 BMOBHERBERR
Tab. 4 Part of Attribute Encoding
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A New Spatial Association Rules Mining Method
Based on Immune Algorithms

ZHU Yu'! ZHANG Hong' KONG Lingdong’

(1 School of Environment Science and Spatial Informatics,China University of Mining and Technology,1 Extension Section,

South Jiefang Road, Xuzhou 21008, China)

Abstract: On the basis of analyzing the now-generally-used spatial association rules algo-
rithm, aiming at the shortage of the very large database spatial association rules mining, a
spatial association rules mining algorithm based on immune algorithms is proposed. This al-
gorithm makes use of the immune recognition mechanism, immune memory characters and
clonal selection characters. In the process of spatial association mining, spatial association
rules are regarded as the antigens, candidate itemsets are looked upon as the antibodies. The
spatial association rules are stored in memory, and speed of mining spatial association rules is
accelerated. We take the incidence relation of special data of pole and tower fault as an exam-
ple, to verify the algorithm. Experiment results show that the proposed algorithm is effec-
tive. The algorithm is able to be more quickly and efficiently search in the whole global, and
extremely be used for the mining spatial association rules to very large database.

Key words: immune algorithm; spatial data mining and knowledge discovery; spatial associa-

tion rules; frequent itemset
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