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A Fast and Effective Segmentation Algorithm for
MSTAR SAR Target Chips

DAI Dengxin' YANG Wen'

Z0U Tongyuan'

SUN Hong"

(1 School of Electronic Information, Wuhan University, 129 Luoyu Road, Wuhan 430079, China)

Abstract: We present a fast and effective segmentation algorithm for MSTAR SAR target

chips. The algorithm is based on finite mixture models, by which the segmentation is posed

as an inference problem through introducing an improved potts model base on MRF. The fi-

nal segmentation result is obtained by fast and robust parameters estimation based on combi-

ning expectation maximization and graph cut optimization. We compare its performance to

conventional MRF methods based on three standard image segmentation indices using

MSTAR SAR data sets, and experimental results show that our proposed algorithm has bet-

ter performance than traditional MRF method.
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