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Fig. 1 Source Satellite Image

5T
'J-|rh',‘é“:

=
(b) scale 2

»(‘a)‘»scAale.Or h
K2 32 REMZ REE g R

Fig. 2 Multiscale Segmentation Results Based

on Hierarchical Aggregation
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Multiscale Segmentation of High Resolution Satellite
Imagery by Hierarchical Aggregation

WANG Aiping'? WANG Shugen® WU Huizheng®

(1 Institute of Geo-engineering and Surveying, Chang’an University,126 Yanta Road, Xi’an 710054, China)
(2 School of Remote Sensing and Information Engineering, Wuhan University, 129 Luoyu Road, Wuhan 430079, China)
(3 Shandong Provincial Expressway Project Consultation Co. , Ltd. , 12550 East Second Ring Road, Jinan 250002, China)
Abstract: A multiscale segmentation approach by hierarchical aggregation (SHA) is pro-
SHA

is more suitable for high resolution satellite imagery through some improvement over SWA.

posed, which is inspired by the idea of SWA (segmentation by weighted aggregation).

The imagery is first preprocessed by watershed transformation so that a graph is constructed
from the segments by their spectral distance. Then a bottom-up aggregation framework de-
rived from algebraic multigrid solver that is used to minimize a graph cut measure. Region
based features (e. g. texture, shape, etc. ) are accumulated conveniently during the aggrega-
tion process and implementation also is faster than SWA.
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