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Tab.1 Results Comparison of Five Algorithms for the

Function Optimization

Rk W St D A W8 /s
(0.051 790, 0.026 037 4)

GA  (0.051 7612, 0.026 037 7) 122 0. 390

SA (0.051 7896, 0.026 037 4) 114 4.141

GASA  (0.051 791 4, 0.026 037 4) 84 0.391

CSA  (0.051 788 9, 0.026 037 4) 171 0.373

AMCSA (0.051 789 1, 0.026 037 4) 85 0.215
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Tab. 2 Results Comparison of Five Algorithms for

Lena Image Segmentation
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A Clonal Selection Algorithm Based on Non-uniform

Adaptive Mutation
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Abstract: We propose an adaptive clonal selection algorithm, which can adaptively set the

mutation rate of each antibody according to its affinity and utilize the non-uniform mutation

to decrease the complexity of the algorithm and computational costs. Experiments were per-

formed to evaluate the performance of our proposed algorithm in comparison with other

methods, genetic algorithm, simulated annealing algorithm, genetic simulated annealing al-

gorithm. The results show that our proposed algorithm consistently outperforms the tradi-

tional algorithms. Compared with traditional CSA, our proposed algorithm can more quickly

find the optimal solution and hence provides an effective solution.

Key words: artificial immune system; clonal selection; non-uniform mutation
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