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Fig. 1 Process of Motion Object Detection of

Background Subtraction
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Fig. 2 Background Images Comparison of
Difference Methods
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Fig. 3 Background Images Performance

Comparison of Different Method
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Background Building Method of Moving Objects
Detection in Complex Scenes

WANG Mei'?  SU Guangda® WANG Guohong®
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(2 Department of Electronic Engineering, Tsinghua University, Tsinghuayuan, Beijing 100084, China)

(3 Department of Electronic Information, Naval Aeronautical Engineering Institute, 188 Erma Road, Yantai 264001, China)

Abstract: We present a background image building method to deal with the problem of color
images motion object detection in real-time. The distance between color images is defined to
compare the frame image and the background image according to the frame sequences. The
motion state matrix is extracted to update background image in pixels level. The method
need not background models and fit variety changes. Actual color images were used to test
the method. The experimental results show that our method is effective and accurate.

Key words: motion object detection;background subtraction;motion state matrix;update
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