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RS-ODMS: An Online Distributed Management and Service Framework
for Remote Sensing Data
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Abstract: With the increasing volume of remote sensing data, the efficient online data management and
service system has become an essential infrastructure for research on massive remote sensing data applica-
tion. At present, different remote sensing data storage and service application schemes have brought diffi-
culties to the system implementation and application due to the lack of independent intermediate framework
design. There is an urgent need for a remote sensing data online distributed management and service frame-
work-independent of data storage and service application, and to reconstruct the implementation mode of
data management and service, reduce the difficulty of massive remote sensing image online management
and service. Against this background, we design and propose a platform -independent online distributed
management and service framework for remote sensing (RS-ODMS) by abstracting the remote sensing
data management and computing model. This framework constructs a remote sensing data distributed hy-
brid storage model (DHS) and a remote sensing image data distributed parallel computing model
(DPC) to improve the remote sensing data management ability and service efficiency. Experimental re-
sults show that the prototype system based on RS-ODMS can support an expansion capability of multiple
distributed storage backends on remote sensing image management. And it is endowed with high efficiency,
stable service ability and extensive applicability, which can provide reference for the online management
and service application research of massive remote sensing data.

Key words: RS-ODMS; hybrid storage model; distributed parallel computing; NoSQL

First author: WU Huayi, PhD, professor, specializes in distributed and high - performance geographic information computing. E - mail:
wuhuayi@whu.edu.cn

Corresponding author: ZHENG Jie, PhD,associate professor. E-mail: zhengjie@whu.edu.cn

Foundation support: The National Key Research and Development Program of China (2017YFB0503800).

5] 32 =X : WU Huayi, CHENG Hongquan, ZHENG lJie, et al. RS-ODMS: An Online Distributed Management and Service Framework for
Remote Sensing Data[J]. Geomatics and Information Science of Wuhan University, 2020, 45(12): 1836-1846. DOI: 10.13203/j. whu-
gis20200198( FAETE UL AL, A2, % . RS-ODMS: — F 43 £ 20 3% JER AU 75 4245 28 15 M 55 HE L[], iDL R 24 2 i - 5 B BF 24, 2020, 45
(12):1836-1846.D0O1:10.13203/j.whugis20200198)



