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Fig.1 Schematic Diagram of Detecting the Evolution of Disaster Emergency Topics of Social Media Data

Based on Co-word Network
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Fig.2 Co-word Network Construction Process

1 ke, * o,
Q* % . 1%;2[147*”.132 — 7 J.é\((’u‘\’(wg) (2)
O’C“‘\ i(‘m}
6(6“'1’6’@'2): 7 (3)
Lo, =c

Ao, m FoR WL TR B 5 AL L R TR
(RH ) w,  w, Z B 1Y AL sk, ko, 57 3R
78 TR 5 e B Y S w, . w, M B A E 2
HT 5 € o, A3 RN T A w w, PIT & A A IX
Louvain 5 ¥ 38 & W A~ 20 8 e 3 A 1k A B
JE = (1) R 2% rh i A4~ 19 i OB IA] ) S 7E —A>
FEDK, R B 9 8 w, HRUR S 10K H 43 10 38 44 <08
JE T R R A X, I TR A BT 5 A Bl S
455 P A8 A AQ, R B ABE B J3E 2 A fe K Y 4
WA XA TR E R R, BT A AU
FEARAE o (2) b BRES — By Be iy 45 21 % — DA /AL
DX UH IS — A 0 ok JER A I 4% . T AT R
17 TP 25 B, 30 R A I 4% 10 B S Tk
AR . AQIITHEENT
Slin+ 2k, kot Dot
[ —( o )]

2m

2k

AQ=

2m 2m 2m

[
2, D in R S B ] 1 A w 45 AR X P 4 AL
T2 > tot R S Y 5 w 4P JE AL X B
A5 A 0 AR A5 A, 3R OC B IR T AR w
() i A 30 B A 5 ke 8 41 DN BT 5 DG B
T w AH T 0 BT AT 1 B R m R I 4% h
SURIIPCE G a8
14 #HXELRN
A DX AR SR X — R G [E] T AH B[]
B I 2 4 X 2 ] A8 Ak g 200, AT fg AR Y SRR
FEORFr s ERK R RS BT,



694 ) G == T

fi B F 2 R 2020 45 H

T IR — TR AE AN [R) s ] B 8 AN ) A DX AT3 8R 1T fig
S M B, BRIV LA OGS ) Ay T R Y T 4 A X
HA AT E e, A SO T SCmR (21 ] 2 s AL X
WAL ST T R A 28 R e 4] ) 4% 47 3 A
DX PR FR 0 149 7 s o 12 T AR P A 5 ok ) il A
DX A 3 AL o BT P AN B R B g A DX CL ALy TR
CIAEXTE Cott K & & I1(CL, C), LK C,
XA CHAE X P& & I1(Cs, Cl. AR
I(CY, C3)XF R BE o« LA K T(Cs, C1)XF R BAE B K]
Wik IX B AL R R . O AL IXAE Co Ak DX i 3
HE SUN

Cl.ch= H Wd ﬂ Wr'j‘ za‘e(W(_;nW(yP(‘,‘(w)
I(Cl,C)= A : RZ Pu(w)

(5)
AW W5 B HE I CLLCE it X i 4
B3P (w) F R TIE Y 5 w e F ALK C Py

ORI, AT R T R I AP AR
AR 24T DX AL 05 B A A DX I [ T fE & AR
AT AL 2 BN 3R 1 TR .

F1 B X RER EE SR G
Tab.1 Example of Single Community Evolution

Process over Time
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Fig.3 Weibo Distribution Curve
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corresponding relationship of semantic features among entities, the concept of attribute feature entropy is in-
troduced to calculate the weight values of different features, and then the overall semantic similarity of geo-
graphical entities is measured by synthesizing the multi-feature similarity. Finally, the model is applied to
road entity matching. The road matching is realized by calculating the semantic similarity between entities.
Meanwhile, the validity of the model is verified. The experimental results show that the semantic similarity
measurement model based on multi-feature constraints can reasonably calculate the semantic similarity of
geographical entities and improve the efficiency of semantic matching of geographical entities.
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evolution of social media data in disasters. A method of studying the evolution of the topic communities
based on the common word network is proposed, so the development trend of the disaster situation can be
sensed. Firstly, according to the word frequency-inverse document frequency analysis, the key words related
to the topics are selected and a social media co-word network with keywords as nodes is constructed. Thus,
the topic community detection is performed on the social media co-word network based on the module opti-
mization. Secondly, on the basis of verifying the topic detection, and the time window division, the evolu-
tion types of the topic communities in adjacent time windows are distinguished, and then the result of the
topic community evolution is obtained. Finally, taking the 7.21 Beijing Heavy Rainstorm disaster event in
2012 as an example, the proposed method is used to analyze the collected microblog data. The experiment
shows that the method can reflect the evolution process of the topics well. It can further reveal the develop-
ment trend of the disaster, and help emergency managers understand the development process of disasters,
so as to assist managers to take appropriate emergency response measures in appropriate time.
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