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tic Line and Matching Results
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An Efficient Matching Algorithm Based on Vector Graphics Using

Multi-dimensional Object Segmentation Ratio
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Abstract: Rotation, scaling, translation (RST) and boundary micro-deformation are the main factors that

affect the matching results of vector graphics, and are also good criteria for evaluating shape description al-

gorithms. In this paper, a vector graphics matching algorithm using multi-dimensional object segmentation

ratio is proposed for the influencing factors of shape matching. This algorithm extracts shape characteristic

by constructing feature lines for vector graphics. It can accurately describe the shape characteristic of the
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polygon features to measure the shape similarity between the graphics. The vector graphics of 2 000 real
geographical entities are used as the standard library for matching experiment, and half of the graphics are
randomly selected as matching graphics. The matching graphics are taken to RST transformation and
boundary simplification operations with varying degrees. The transformed graphics are matched with the
standard library. The matching results are compared with other vector graphics matching algorithms to test
the shape retrieval effect of this algorithm. This experiment demonstrate that the proposed algorithm has
higher matching accuracy, RST invariance and deformation robustness. Therefore, it can accurately identi-
fy the shape of vector graphics.

Key words: vector; graphics matching; micro deformation; object segmentation ratio; shape characteris-

tic; shape description
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and it is a hot issue in matching navigation technology. A new gravity matching navigation algorithm based
on constraints correlation theory is put forward by analyzing the algorithm of INS/gravity matching integrat-
ed navigation. Based on the existing algorithms, the new algorithm increases valid information according in-
ertial navigation systems by comparing the track direction and sailing distance, it can effectively eliminate a
large number of interference matching tracks, improves matching efficiency and matching accuracy. The
simulation results show that the matching accuracy of this algorithm is significantly improved compared
with the probabilistic neural network method, and the accuracy is improved from kilometer to hectometre.
The new algorithm shortens about 50% time for probabilistic neural network, greatly improves the efficien-
cy of gravity matching, and better content the requirements of underwater navigation.
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