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Fig. 4 Description and Extraction of Spatial Characteristics

of Multi-scale Homogeneous Regions

T PET RT3 J2 Xf  18) 06 52 1) D' i A i i ]
DA o ok i DX 3052 2% 1 5 R 45 U AN I K T D 3
PRI HER P o R TR] D X0 R P D 3 1) S5t T 1
FEBOR A o -4 o7 [R] Jo IX A 1R OGO 3 19 22
Stk OGS B R RO T A B BOL I RO R
FBREZE I B R R . [ 5 RoR “ HuW)-#F i
[ 5T DXCT 2 14 3 A A 4 8 42 RO A

| Hm-HIE AREX R

e_

S A
1R UL R 2R B T R AL I AH 3E HX
= N & Lk A A T
HEAZ)1 )
SR

s 4407

| S sHT
[

( RN RECDGERAE

CNET N s To0a)

Lt

v
(st bhii” FURBCHARIERSE )

5 “HWI-BE BT R] BT DXORT G 0 B AR AT A R A R
Fig. 5 Description and Extraction of Spectral

Feature of Homogeneous Regions

R L X6 T A 33 A A 7 i BOHR AR T T



1912 BRI - B R

2018 4F 12 H

S T A 325 K T AR HR) P AR A L T o R R AR
SREGE B AL 48 AN i K T 7E N 1 25 ) 7 A . (H
SEBr bl T3 RO AN K A Bl A2 0% L
T I S A i A ) B 2 AR AR MRS AT A R X
oo A SENRZIR S AR SCR T — R AR AR 2 2
Rl B9 22 03 A5 4R O 2 K T B OB T (UL 6)
[“t&%%ﬂﬁ § IEJ‘BEIZJ

A
1 &
(EHUAIE L A RBIR Cwmis] |
IR ] i N |
] |
e lr%'—‘ \ﬂ*n&:¢bl¥i Al Gk Py T |
enan " 4GP 52" <GP |
N D,
|

K6 B REZE 2 MG 1 2 0 2 e
AN 375 7K THI 3 UL Y
Fig. 6 Multi-classifier Integrated Impervious Surface

Extraction Model with Spectral and Spatial Feature
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Mapping Impervious Surface with 2 m Using Multi-source High
Resolution Remote Sensing Images
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Abstract; Impervious rate is an important indicator to evaluate the urban ecological environment. Cur-
rently, there is only 1 km and 30 m resolution of impervious surface thematic information in the global
scope, which cannot meet the needs of urban scale hydrological modeling, sponge city planning and
construction. In this paper, an impervious surface extraction model incorporated spectral and texture
information is proposed, and a new method based on deep learning is implemented to estimate imper-
vious surface information. In addition the software for extracting and monitoring of impervious surface
is also developed. Based on multi-source high spatial resolution imagery, impervious surface map with
2 m spatial resolution in mainland China including 31 provinces (municipalities, autonomous regions)
is accomplished, just supports the high resolution data to research and monitor sponge and ecological
cities.

Key words: land cover datasets; impervious surface extraction model; deep learning; high spatial reso-

lution imagery
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