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Fig.2 Original Point Group and Decision Graph
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A Point Group Selecting Method Using Multi-level Clustering
Considering Density Comparison

CHENG Mianmian' SUN Qun' LI Shaomei' XU Li'

1 Institute of Geospatial Information, Information Engineering University, Zhengzhou 450001, China

Abstract: In the absence of semantic information, the selection of point group is one of the difficulties in
cartographic generalization. This paper proposes a new multi-level clustering point group generalization
method which takes into account density contrast. Firstly, in view of the shortcoming of 42-means clustering
algorithm, this paper uses an improved density peak clustering method to realize automatic clustering of
point group, mainly reflects on determining the optimal cut-off distance by the Gini coefficient and uses the
relation of local density and relative distance to detect the clustering centers. Secondly, we propose a point
group selection strategy which takes into account density contrast, the point group is divided into clusters of
different grade by multi-level clustering. The clustering centers of different grades are determined, and the
hierarchical tree structure of point group data is established. The number of points to be selected is calculated
according to the square root law, then allocated from top to bottom according to the number of clusters
at each level, and the selected objects are determined, and automatic selection of points and multi-scale
expression of point group are realized. Point groups experimental results with different distribution patterns
show that the method described in this paper can get reasonable selection results, which verifies the universali-
ty and effectiveness of the method.

Key words: spatial clustering; density peaks; Ginicoefficient; point group selection; cartographic generalization
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