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Fig.2 Baidu Positioning Data for Population

Distribution of Beijing

SEHBREE . BT R M E8 R 2 7 1M i 25 M) A L
P 28 LA I3 9k T 2 i) 95 A 2 2 i) A2 AL AR
W 7 —A> B AR OTHY TR . X T — S B
JUIT 5 » He— B R e 2 48 A B BA w7
R T B R #) 355 Bl I ] 22 1 ol £ 55 L T — B
TIE DU 2 B T HE 5 HC At by 38870 4 () 28 AR I
T PR RFAE B S B T A 3R I 2 8] — At B
TR A G NI, 255 75— B R A B
RFAE o P LSS i 20 1 3 7 2 i 4 S

B3R 3 ATy T AT SE R AR TR PR
K IT R . IR SCHR (3 e 42 AL 23 R & i
JIT 4 Y, £E JCE R 2 BB A BT AT
B g 2 Tt Pt PR R T, H AT C A B2 05T
i 2 i ORI A S AR Al 25 T R b PR 0
HEAT IR M 3 20 T 1 2 v 45 ) 4
WH5E

(LA A S X T 1 A 3T e ik 4 220 1L R
FH s ML SR B T B (A i A 98 ) IR aT 3, IF
HRT B . KRB T Bofe BAT A IR AR AS f2E
R 504 Ta] B, A AR O BE 55 5 T A7 75 A
AR DR O A S B s — O T R AR B ) B
I A (1) AL, 53— Ty Tt AR 5 R A A B Al
(i A S B M B O B S AR e bR AL
TR T7 0 RIH) R Bt 285 2 /Y o0 A O ik
P2 ] DUB AL G2 07 ¥k AR AT 16 Bs 00 3 DL i LR
A AT AR S DR S A ) 3k T A R R S 7

3 SEHIFR

M, 3 OE 28 D7 A s b RO | T
S PR Ab & R . T L XA B F 2 A
FsEA T, B 4R e AR BB L X G B A
ST B R I T A R A A A R PR, ikl
PTALZUT BRAE PR A o o 3k Tl A R, R T —
RYVH IS L SR BUE POL SR A S5
A7 5 3 Tl R A AR — i SR, BT Bk T AL
25 X A3 A0 o 0 5 40 A P B T Y 5 )
G3 A FEAE B 5 A DG I T RRAE 22 ) Y DG B L
1] 2L it 25 (1) 43 S5 4 Ry 2 3 T A+ 23 SR B 5 oh
) B,
31 [ I

A AR IR T SC 3l R PR T A AR AR S A
PRV HE T BB e R AR, Hrh, A A
FEAE — W) P RE A5 A AF RN AT Y T A A
L BT, A AR A — bl X H E R
DL RIRE AR 5 CAn BB A1 8 A 3R AR 38 % 55 Ry
Bt 43 B 40 Fh 7 A 25 A7 2 1) 18 34 85 4 () op ) 4
TIE o S T BIF 5 90 o 1) B S5E T 32 B T o A A o A AR
FE TR Py o o A A AR AR KT B A3 A S ) A5
Dy TS A Tz B . 3T AT LU S — A L
A IR T A R A 2 3t L R e, DA S T
S BT B AR X AN [R] 4 3k T s ) R BE s R
39T DS 1 b B 23S [ 43 S A, S AN [R) 3 it A 3 B 4
BET AR A A7, PR, AATT R BT LA b
PR ROHE SZHF T A 3 T AN -H-§5-3h 74 A4
JEE ) 3T B AR 1 A S AR AR, A3 T R 0 4%
Jiti B T Sh 7 3 7T 2 1R) 1 20 AR A R

AR SCHE R 2015 47 b o T 3R A 0k = 1 7
TG 00 A R AR L LUK Y X LA B R
B %R 5 (points of interest, POD ¥ .
2 38 {6 ) 55 14 46 200 1o 30k T R BE KR AT L 32E T K IR
G TR 2 A 3 At DX SR o A 1 T
32 OB

PRI 5 Shy I A8 PRI B S OGS I T ek T A
FREEA AT BOIEE R 2015 4E S 20 711 & 3T Hh
AT WAL, POk RO R AR L E s
TRAE Gk EE HBRNAENR 1 iR,
I ] b 30 s R 5 B 5 vk g S v ) R 1 e A 4
N2 FE AR R A5 3 IO RO R A Bl Y i
RO o AR SCA RIS R B R A B K T A



330 ) N o=

5 BBl 2 2018 4 3 H

R ST 35 32 = o PR IR o 2000 T 45 3 ) AL 2 7 )
7 ¥ AR B BRI PRk S A7 A Y 2R
5 I X ST R R B R B ST 3 0 SR R AT
I B2 A U e | Bl A 2 o B )

11 6644~ 500 m X 500 m B RIA& AE A 43 Bt .
O R S POk R R AR Bk 277 A Bk R
PRECH 1 3 35 ARAE R SR 0 23 8] 43 A (5]
3PN,

x1 BEHERGROIHE

Tab.1 Sample Records of Law Enforcement Events by City Inspectors
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Fig.3 Spatial Distribution of Law Enforcement

Events in Beijing
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Tab.2 Corresponding Baidu Street View Images for Urban Areas with Different Occurring Probabilities

of Law Enforcement Events
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Incorporating Multi-source Big Geo-data to Sense Spatial
Heterogeneity Patterns in an Urban Space
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Abstract: Multi-source big geo-data provides us an unprecedented opportunity to investigate geograph-
ic phenomena from perspective of their spatial distribution patterns, spatial interactions and dynamic
evolution. Cities are the most concentrated areas of human activities and thus massive amount of geo-
graphic big data have been produced to improve our understanding of urban spaces. The spatial hetero-
geneity patterns in cities is an essential topic in geographic research and urban planning. Social sensing
offers an analytical framework to characterize urban spatial heterogeneity from four dimensions; hu-
man, environment, statics and dynamics. This paper summarizes the contributions of different types
of big geo-data in characterizing urban features. Borrowing the concept of "niche model" from ecologi-
cal studies, a case study is introduced to demonstrate the quantification of spatial heterogeneity pat-
terns in urban space incorporating multi-source big geo-data. Theoretical issues such as unit selection
are also discussed to address some related problems.
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