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Fig.1 Neighboring Patterns of Candidate Matching Objects

XFH—Hibr s, €S, B H A E VLA H fx
EGHhC L HPaE p MEIEICE B AR, W p
AMEFEVCE Hbr AR B e M (Q<<k<<p). M4
B 2Z UG L 4R i A S AR CF, o AR I AR X B
Ch R C) ] RE R AR B 20 L . WAl 1o
i s 4 ASEEVCEL H AR B 2 A~ 5 s, DL
MBI AR C), G A Cl=06 FlAgn
HEMNM, X TRERAXE C), A<<k<<p)HTH
E—Je &R, & AT E AN EEILE H RS IS
F) A SCR SRR 20 ]9 J7 250k A I fs ik DL fic B
RZNIE .

AR Hh 3 2 ) RRCHE B A ROBE AN o ML AR A

VERCTy [l PEIR) R, A SCRIRELL © 9 22 vhf Az kG
WIECHE T 4 F B ¢, 09 2 7 0 B2 F AR 4 C
(8 q MR VCER F B KA S O 1<k
<q) o JE LB VC I B AR A 5 48 A = A A
Wi E T 9] 46 45 38 VT L 2 tableq, v » 22T
m’on" 43 R BCHE ST B e B DT BE AR T R X
#H.
1.1.2  JUATABA Y L5 A7 44 TE Bedgk %

XF iy t;) €tableqew xrny »5: 5 t; Al HE
R D R E A S i R B AR IR AT RERR 2 H
PR A QBT A, AR SO IR s 5 0 X 2
IV 8] g JUART AR S AR R T3 A 2R



1100 V)G N = T IS W S A -3 2018 4E 7 H
( /) 1 d(.s‘,»lf_,) &E@Qgﬁ*ﬁﬁa EI] -/1’/(51):{5“9 Spo Sco Sqgs Ses
Spos\Sisl; ) — L — ——— e — N TR A S e
T S EE T 0 B AR 4Bk 5¢ 28 W3 2 2% wh (% (B
s (siaty =1 wliet) o 130 2 e, BARERGE R ¢
ddir \9d; 9 7 T[/Z

_ D
mm(a(s,-),a(l‘,-))

max(a (s;).a(t;))

Sarca(siﬂtj> -

min(e(s;),e(z;))
max(e(s;),e(z;))

FH 5 p0e Csio ) v Sair (S50t ) 3 Sarea (5508, F 5
Csont ) G BB D BEXS Csov 20 BORLE T
) T AR AR RAARINE s Cs,s 2,0 R s 5 e, B
DB e MR (LS. Dsw (s tON
s ET 22— L0, ©/2], FT5 15
AR AESCER (21 135S 5 5a Co ) Rl e (o) 4351
R IO 22 S0 IR 1 T FR N e /NN FE A BT LE

25 BT I AR AR 2] g TH S R AR
) I WD A 0% 110 ¢ 4 DG TC %o, AR SC e T o 1R
AR L A B 7 1) TR TR A (o0 T s
TarTaeasTanp) s X tablec,-w xsn EP@/F’TQBJ&
X 0 i ok 28 DT PR X 8 A REL 9 o OB IR A AR /)
T 45 5 IR 14 46% 358 DT T X , 75 1) g5 ¢ A 4 34 DG T
%73 tableysn. P . M<m+m' . N<n-+n',
SRIG S IHE tabley ASIRIE DL BLXT G5, 0 2, HIH)
IR UG JC A A, 19 B ) 4A VT B AL R GE B P =
(P Darn » HHT,

Sshp(S; vtj> -

O — sCsiat;)

i
E S(S,'a[/x) (2)
14 €C5, UCh,

SCsi9t;) =808 X Sair X Sarea X Sebp

K p MG )RR VEECAE R 55 Cs,h £,
sCsoat DI BIR Go e )R Csy o) BRI AR A 5
S pos S dir ~Sarea S ot 7 A (D) THEAG B A7
J5 1) ARAUE AR AL s C, F1 C,, 5350 s 1Y fig
TEVE T H br B R0 8 VT o AR B AR

1.2 MRBEFREXRZNAMIENRTE

) 4f; DT JC A 58 A5 52 e 1 i 35 D JE XoF () 94 Je) 35
— B, R EAR I R SCES R RRAE 1 23 W) H AR
{14 VG 5CABE 3 11 112 52 381) J) el G Ath, S5 4 DG i 7 5 N 4R
B2 R R AR B 52 0 DR O R T AT O 6 4% DT i
X A AEGF JLART G 2R R LR B L ) & =X 18 I
TR FAEABL I 9 4 4 DE e ABE 3
1.2.1 @ BARARIR K A& B AR Ra R &

T I H bR 2Z 8 A 7R X AR O R L A
SCE R R O 2R E B S AR T Y H AR AR
BOCRS B S B H AR AR B OC RO AT i
Delaunay = M5 2], an & 2 Ca) Hh, s, 194830 E
SR =AM S s G % R oAb T B bR S

FEE/INT « WA T B bR B R B 4 3 A
BN )=ty tys thstystys Tyho

R AR S, = (51 es, ) BYSBIIE Ly
MSH=Ns D UMs) U= UNs,)—S,, WE
200, M, ) ="{s, s sis saobs Nsy)={s,» S:i»
sc b GRS, = {55 s, ) MIABEE LR
MsOUNGOHBIER S, i BArES /I (S, )=
Ms DU Ms, ) =S, ={sas si5 52} o

(b) T F ARG HOAR % R

(a) T H Frs 40808 R

Bl 2w H ARSI R e
Fig.2 Determining the Neighboring Relation
of Area Objects
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Fig.4 Calculating the Total Support Degrees
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Relaxation Labelling Matching for Multi-scale Residential Datasets
Based on Neighboring Patterns
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Abstract: This paper proposes a relaxation labelling matching approach for multi-scale residential
datasets based on neighboring patterns. Firstly, we detect the candidate matching objects and neigh-
boring patterns by buffering analysis and spatial neighboring relations. Secondly, the geometric simi-
larities of candidate matching objects or neighboring patterns are calculated to initialize the matching
matrix that contains 1 : 1, 1 ¢ M and M : N relations. After that, the contextual information of
neighborhood objects or patterns are explored to heuristically update the matching matrix to achieve a
global consistency. The matching pairs with maximum probabilities are finally selected after context
consistency detection. The experimental results and contrast analysis show that our method obtains
high correct matching rates, efficiently overcomes the problems of shape homogeneity and uneven de-
viation, and can correctly identify complex 1 ¢ M and M : N matching objects in multi-scale residen-
tial datasets.
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