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Fig.1 Five Order MRF
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Fig.2 Thumbnail of Five Order MRF
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Tab.1 The Standard Deviation of Three Images
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Tab.2 Five Kinds of Objects with Different Samples
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Tab.3 Two Different Sample Classification Results
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Tab.4 Comparing the Results of Image Texture

Element Classification Method MRF and Other Method
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A Method of Image Texture Texton Classification with Markov Random Field

ZHENG Zhaobao' PAN Li' ZHENG Hong®*

1 School of Remote Sensing and Information Engineering, Wuhan University, Wuhan 430079, China
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Abstract: In this article a new method based on MRF to classify image texture texton has been put for-
ward . The constraint relationship between the center pixel feature value and the neighbor pixels fea-
ture value in MRF can reflect the features of image texture texton as well as different MRF parame-
ters. Standard deviation based on the MRF parameter of the same category is the smallest. So we can
use this property to classify image texture. By comparing the different experimental scheme and differ-
ent classification method, we can come to the conclusion that the method of image texture element
classification proposed in this paper has certain advantages, and it is a good methold of image classifi-
cation.
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edge preserving algorithm can remove noise of images. Meanwhile, it can also remove texture from
images by using a local smoothing scale parameter. By adapting this filtering algorithm on the original
image and the Gabor texture feature images., the spectral information and texture information are ex-
tracted separately. Then with edge detection algorithm, the spectral intensity gradient and texture
gradient are obtained. Finally a gradient fusion strategy by morphological dilation and watershed
transform are performed in succession. Experiments are carried out on three high resolution color re-
mote sensing images. Compared with JSEG and multi-resolution segmentation methods, the proposed
method has a higher boundary precision and can reduce the over segmentation and under segmentation
effects.

Key words: remote sensing image segmentation; bilateral filtering; Gabor filter; gradient; watershed

transform; morphological dilation
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