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Tab.1 Comparison of Division Results of Class a Within 4 Sets of Experiments

AW IR B 45255 C 55 D 21 555
Bd Zrbmis SREE AL KMEED EREE AL KMHED ERELE A KMEE EREE AL

ek ik e ROk ik e REFE Rk Mg R ek ik
Partl 133 840 103 971 160 740 149 568 153 761 160 892 161 772 169 169 159 757 165 190 182 456 159 748
Part2 171 750 151 269 159 286 128 757 168 559 158 654 178 786 168 802 159 437 169 089 186 048 159 748
Part3 141 352 182 692 169 099 184 548 164 191 161 541 160 471 166 927 158 577 167 095 181 290 159 748
Part4 189 609 203 473 146 752 180 013 166 511 155 970 154 288 171 957 160 062 178 155 172 418 159 747
K2 4AXLRH IR ERLER

Tab. 2 Comparison of Division Results of Class & Within 4 Sets of Experiments

A QLR B 419:5 CALR D 4 %L5%
Bogde  Lvbgind SRR AT gD SR AT R4S SREER A LD SEBE A

LI PR BRL T Rk BRL T Rk BRL T Rk R ik

Partl 45 545 43 520 80 987 69 763 90 083 80 052 80 054 79 035 79 963 79 232 91 084 80 484
Part2 113 373 65 059 80 362 65 628 66 060 79 877 72 561 77 122 84 319 88 441 92 532 80 484
Part3 98 690 101 301 78 888 73 257 72 446 79 876 67 195 84 680 79 972 86 670 93 020 80 484
Part4 153 299 62 131 80 405 100 186 63 530 80 439 64 410 90 114 80 576 98 519 86 678 80 483
Part5 88 295 60 483 83 032 79 805 63 821 81592 81721 90 705 79 963 85 995 93 749 80 482
Part6 58 377 86 244 81 509 63129 102 639 79 876 106 227 92 249 79 969 80 696 95 822 80 483
Part7 42 662 81422 82748 111 291 91 895 81002 93278 82 785 79 969 80472 90 563 80 482
Part8 36 310 141 371 68 504 79 827 103 120 80 119 89 879 82 428 79970 79 683 88 077 80 484
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Tab.3 Data Redundancy Rate of 4 Sets of Experiments/ %
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Fig. 2 Variation of Data Redundancy and Data Dispersion with Different Grid Subdivision Size
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Spatial Data Partitioning Method Based on Manifold Learning
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Abstract: Spatial data partitioning is a prerequisite for high efficient spatial joins within spatial

database systems. Low data redundancy and high data balance rates are difficult to maintain however,
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Strain Rate and Its Accuracy Assessment in North China
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Abstract: Deformation of North China Region is very small, there is little discussion about whether
GPS long-term crustal tectonic deformation can reflect the deformation of North China Region or not.
In this paper the GPS velocity field of COMNOC-I was used to calculate the strain rate and its accura-
cy for North China using multiquadric-biharmonic method. Analysis of standard deviation, calculated
by the law of error propagation, shows that these strain rate results are highly accuracy. And that the
reliable results distribution was consistent with the measured data. The more measured point the
higher the accuracy of the strain rate.

Key words: North China; GPS, strain rate;error; accuracy assessment
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using existing spatial data partitioning methods. We propose a spatial data partitioning algorithm
based on manifold learning. Manifold learning can retain the structures of source data to construct a
data partitioning strategy and mapping method before dimensionality reduction. Assigning neighbor-
ing objects to the same data block reduces data redundancy while mapping objects to the smallest data
block adds data balance. Experiments show that spatial data partitioning based on manifold learning
can reduce the data redundancy rate to very low level with good data balance.

Key words: spatial join; spatial data partitioning; manifold learning
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