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Tab.1 Relative Difference Ratios of Two Kinds of

Entropy on Two Images of Same Object
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Tab. 2 Numbers of Mistake Match in Each Group
by Used the Three Methods
1 2 3 1 2 3
(€3 0 2 0 Gy 4 2 0
G 4 2 0 Gio 0 2 0
Gs 0 0 0 Gy 0 6 0
Gy 4 0 0 Gy 2 3 0
Gs 0 1 0 G 0 1 0
G 0 1 0 Gy 1 2 0
Gr i 2 0 Gis 1 1 0
Gy 4 3 0 24 28 0
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Tab.4 Experiment Data of Fig. 3
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An Automatic Method of the Depth Measurement of Static
Objects in a Monocular Image

HE Lixin"** KONG Bin* YANG Jing®
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Abstract: Measurement of object depth information in an image is an important task in the stereo
vision domain. An automatic method of the depth measurement from two images captured by an ordi-
nary monocular camera is proposed. While keeping the parameters of camera constant, two images are
captured at the distance between object and the lens definted as u and u+d, respectively. Objects in
the images are acquired by the image segment method using the LBF model. The objects are matched
automatically using the combined the relative difference ratios of entropy from the object image and
the weighted HU invariant moment. The object depth can be calculated by a formula presented in this
paper.. Experimental results show that the method is effective.
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