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Fig.3 Visualization of Tensors with Respect to the Filtering Results on a Simulated Image
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calibration is usually electrically large, its backscatter field is appropriately analyzed with a high fre-
quency approximation method; a fast and accurate solution is proposed in this paper. The incident
field and its corresponding illuminated area are determined by a ray tracing of a incident wave and re-
flected wave, then the backscatter field of each illuminated area is computed by the Gordan surface in-
tegral method respectively and added up for the total RCS of a corner reflector. Simulation results a-
greed well with the results from the references and from the electromagnetic computing software FE-
KO. So the method proposed in this paper was demonstrated to be accurate and efficient, and especial-
ly suitable for fast radar cross section computation of corner reflectors composed of large size plates.
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Anisotropic Diffusion on Complex Tensor Fields for
PoISAR Image Filtering
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Abstract: Each pixel of a tensor image is usually characterized by a 3-order positive definite matrix.
Currently, existing methods of denoising tensor images usually regard the data as multi-channel ima-
ges, which is likely to destroy the structure of positive definite matrices of the image and some infor-
mation will be missed possibly. This paper addresses the problem of denoising complex tensor images.
More precisely, we extend the anisotropic diffusion model, also known as P-M model, from scalar or
vector images to complex tensor ones. The proposed method can be applied to remove speckle noises
in PolSAR images. In contrast with existing denosing algorithms, our method is better at suppressing
the effects of speckles while preserving edges.
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