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Tab.1 Examples of Mobile Phone Location Data
Date Time Week Pro_type USE_ID CELL_ID
2010-12-01 02:16:58 Wednesday 1EF 7 B 812 22763
2010-12-01 01:12:15 Wednesday AE 807 35343
2010-12-01 01:02.48 Wednesday SRR AC T 895 51443
2010-12-01 00:29:56 Wednesday JE 30 7 B O B 756 12412
2010-12-01 00:38:45 Wednesday B MTC 901 21773
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Driving Behavior Analysis Based on Trajectory Data Collected with
Vehicle-mounted GPS Receivers

REN Huijun' XU Tao' LI Xiang'

1 Key Laboratory of Geographical Information Science, Ministry of Education, East China Normal University, Shanghai 200241, China

Abstract: Traffic congestion is becoming an increasingly serious problem in highly urbanized areas.
One reason for congestion are frequent happened traffic accidents caused by risky driving behaviors.
The accurate evaluation of a driver behavior as well as safety analysis has therefore become a research
hotspot. In this paper, a new method of using the vehicle-mounted GPS model to collect the vehicle
track data and analyzing the safety of driver’s behavior is presented. In the approach, information about
driving over the speed limit, quick acceleration, sharp slowdown and sharp turns is extracted from the trajec-
tory data. Then, the security of a drivers’ behavior assessed to provide scientific evidence for the trans-
portation department managers when evaluating and managing a drivers’ driving skill.

Key words: driving behavior analysis; GPS;safe driving; trajectory data
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Personal Profile Mining Based on Mobile Phone Location Data

CHEN Jia' HUBo* ZUO Xiaoging® YUE Yang*
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Abstract: Understanding personal profiles like preferences, income levels, and geographical areas is
the basis of providing a person with personalized and accurate services. In order to acquire personal
profiles we propose a reasonable technical route that first extracts the geographic regions from person-
al mobile phone location data based on a density-based clustering algorithm. Then, the geographic re-
gions are tagged with semantic meaning and we analyze house descriptions by NLP(Natural LLanguage
Processing). A division method for people’s daily time is given, based on the assumed the activity
patterns of people. At last , an individual’s taste for something or his income levels is analyzed using
the statistics for POIs and house prices in the extracted places. An experiment with real data shows
that this method is an effective solution to mining personal profiles.

Key words: data mining; mobile phone location data; user profile; location based services
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