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Fig. 2 Peaks Detection from DoG
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Tab.1 Height Check Points Precision/m
ckl —0.05 0. 16 —0.07
ck2 0.11 0.27 0.09
ck3 0.08 0. 85 0.10
ck4 0.13 —0.25 0.12
ck5 —0.21 —0.29 —0.22
ck6 0.07 0.31 0.12
ck7 —0.05 —0.17 —0.09
ck8 —0.14 —0.43 —0.17
ck9 —0.12 0.19 —0.12
ckl10 0. 31 0. 44 0. 35
ckl1l 0.22 0.72 0.19
ckl2 —0.03 1 —0.10
ckl3 0.07 0.18 0.08
ckl4 0.17 0.11 0.15
ckl5 0. 20 0.33 0.21
_ VIV 0.15 0. 38 0.16
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Gross Error Considered Height Surface Fitting
Using Radial Neural Network
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Abstract: Height surface fitting by radial neural network is sensitive to gross error of training sam-
ples, a approach of gross error considered height surface fitting using radial neural network is intro-
duced based on techniques of digital image processing, all height grid points by radial neural network
with gross error are mapped to gray image, image difference of Gaussian and least square moving
curved surface algorithms are implemented for gross error detection and correction, and implementing
height fitting by radial neural network with gross error corrected discrete height points. To verify its
feasibility, we implemented height fitting by robust radial neural network with the data from survey-
ing robot. The results show that the method can achieve better accuracy, has strong robustness and
feasibility.
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