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Constructing Spatio-Temporal Topic Model for Microblog Topic Retrieving
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Abstract : Existing geography topic modds do not consider the degreeto which dfferent regonsinfl u-

ence nmicroblog topics. Meanwhile, these modds describe the topic evd utions in a dscrete manner

which prevents the acquisition of topicintensities over continuous ti me. This paper proposes a nove

spatio-tempord topic modd to dscover microblogtopics byintrodud ng continuous ti me andregonin
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Change Detection for Low Buildings After Earthquake Using Very-high
Resolution Pre-event Optical and Post-event SAR Images
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Abstract : A damage assessnent method is proposed by using pre-event very-hgh resd ution (VHR) opticd
and post-event synt hetic apert ure radar (SAR)i mages to detect buil d ngs damagedin an earthquake . First , the
length, width, héght and adher 3- D parameters of aredanguar buldng are extracted usng a preevent VHR
opticd i mage . Second » ani mage based GPU ray-trad ng approachis usedtos muae SARi mages. Third,the
9 nilarity bet weenthe § miaed SARIi mages and post-event adtud SARIi megesis and yzed to deter ninethief
the buldngis damaged . \e denonstratethefead hility and fecti veness of the method by ud ng renote sens-
ingi mages of the Schuan W\enchuan Earthquake of May 12, 2008 .
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fluences. A dty was dvidedinto multiple geographic regons. Regon wei ghts ., expressing the regon
functi on i nfl uence degree on mcroblogtopics ., were dlocatedtoregons based onthe number of dffer-
ent PO (Pdnt of Interest ) types. Then a sparse addti ve generative modd was appliedto generate mi-
croblog topic distributions . Beta dstributions were empl oyed to depict topic evad ution over conti nuous
time. Findly, we use a Gbbs sampling method to esti mate modd parameters. Experi mentd results
showed that not only does our modd track the tempord dstribution of nicroblog topics but dso en-
hances t opi ¢ extracti on accuracy when compared with other geography topic modds .

Key words : geography topic modd ; nicroblog topic mining: tempord-spatio dstribution; tempord-
spati o i nference
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